
 

 

Text Summarization 

This document presents a comprehensive framework for implementing advanced Natural Language Processing (NLP) 

solutions.  It outlines the essential steps for Text Summarization, emphasizing best practices, accuracy, and efficiency.  

The processes are designed to be adaptable, ensuring they meet the specific needs and objectives of diverse business 

environments.  It details the systematic approach used in deploying sophisticated Text Summarization, highlighting 

considerations and techniques at each stage to ensure optimal results. 

 

Steps Considerations Techniques 

Data Collection • Ensure the text data is diverse and 
representative of different styles and 
topics. 

• Collect articles, reports, papers, or any relevant text 
data from online sources, databases, or use pre-
existing datasets. 

Preprocessing • Clean and format the text data to 
remove noise and prepare it for 
analysis. 

• Tokenization, removing special characters and stop 
words, stemming or lemmatization, parsing. 

Understanding the 
Text 

• Analyze the text to understand its 
structure, themes, and important 
points. 

• Natural Language Processing (NLP) techniques like 
Named Entity Recognition, Part-of-Speech tagging, 
dependency parsing. 

Selection of 
Important Content 

• Identify which sentences or phrases 
are crucial to the text’s overall 
meaning. 

• TF-IDF (Term Frequency-Inverse Document 
Frequency), key phrase extraction, sentence 
embedding. 

Summarization 
Technique  

• Choose between extractive and 
abstractive summarization based on 
desired output. 

• N-gram models, neural language models 

Decoding and 
Hypothesis 
Generation 

• Convert the model outputs into a 
readable transcript, handling 
ambiguities and errors. 

• Extractive: Selecting important sentences directly 
from the text. 

• Abstractive: Generating new sentences that capture 
the essence of the text. 

Model Development 
(for Abstractive 
Summarization) 

• Train a model that can generate 
coherent and relevant summaries. 

• Seq2Seq models, Attention mechanisms, 
Transformer models, pre-trained models like BERT 
or GPT.  

Summarization • Ensure the summary is coherent, 
concise, and maintains the context 
and meaning of the original text. 

• Applying the chosen summarization model or 
algorithm to the preprocessed text. 

Evaluation • Assess the quality of the summaries in 
terms of relevance, coherence, and 
conciseness. 

• ROUGE (Recall-Oriented Understudy for Gisting 
Evaluation), BLEU (Bilingual Evaluation Understudy) 
scores, human evaluation. 

Refinement and 
Optimization 

• Refine the model or algorithm based 
on evaluation feedback. 

• Hyperparameter tuning, adding more training data, 
adjusting the summarization algorithm. 

Deployment • Ensure the summarization system is 
scalable and can handle different type 
of text. 

• Cloud deployment, optimizing for various platforms, 
ensuring low response time. 

 


